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Abstract- Cloud computing has become a vital enabler for big data analytics, offering scalable, flexible, and cost-effective 

resources for managing, processing, and analysing massive datasets. This paper investigates the role of cloud computing in 

big data analytics by examining its infrastructure, service models, and ability to handle vast amounts of data. The synergy 

between cloud computing and big data analytics provides numerous benefits, including enhanced storage capabilities, on-

demand resource allocation, and powerful processing capacities, all of which empower organizations to derive actionable 

insights and make data-driven decisions. Key areas explored include cloud storage, data processing frameworks, and the 

integration of machine learning and artificial intelligence to boost analytical performance within cloud environments. 

Challenges such as data security, privacy, and latency are also addressed, with an emphasis on potential strategies to mitigate 

these issues. By providing a comprehensive analysis of cloud-supported big data analytics, this study underscores the 

transformative impact of cloud computing across various sectors, including healthcare, finance, and e-commerce, where data-

driven strategies have become increasingly essential. 
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I. Introduction 

The vast amounts of information produced by IoT 

gadgets, social media networks, online commerce 

activities, and even business operations have led 

to an unparalleled expansion within the spheres of 

big data [1]. With the world advancing at an 

astonishing pace, organizations today aspire to 

utilize this data to gain insights, strategize 

decisions, and drive innovation. IoT  

devices and social media networks alone have 

played a part in expanding the world of big data. 

Despite the advantages, big data has its 

challenges. The speed and scale of data will 

always remain a struggle for archaic means of data 

storage and processing. [3]  

Big data analytics have numerous requirements 

that need to be fulfilled in order to obtain 

comprehensive results. These requirements 

include storage, processing, and the analysis of 

extensive datasets [5]. This is where cloud 

computing provides a powerful solution that helps 

fulfil these requirements. Pieces of commendable 

information like these help the cloud computing 

field drastically. It is a significant leap considering 

every service model backs an organization in 

managing tons of data without them having to 

make considerable expenses to fulfil the workload 

at the office.  

Furthermore, the cloud grants businesses the 

ability to enhance analytics capabilities in an 

inexpensive manner to cut operational costs, 

harness high powered computers, and implement 

cutting edge data processing tools such as Apache 

Spark and Apache Hadoop for instantaneous 

analysis. 
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a. What is Big Data? 

 

Multiple authors and bodies have tried to explain what the 

term “Big Data” means. One definition of Big Data 

describes it as anything beyond exabytes, and points out 

that its colossal size alone makes it unique. Another 

depicts as complex datasets so large that it is impossible 

for conventional database management solutions and 

tools to process them. These problems include but are not 

limited to data capturing, data storage, data searching, 

sharing, transferring, analyzing, and data visualization. 

 

Sam Madden of Massachusetts Institute of Technology 

(MIT) refers to Big Data as any dataset that is too large, 

too fast in generation, or too complex to be handled by 

existing technology. Big data sets are usually very large 

in petabytes and sourced from various places. High rate 

of data generation indicates that processing must also be 

done at a high speed, while complexity occurs when the 

data is not compliant with the available processing tools. 

 

Also, PCMag’s definition of Big Data is as follows: self-

descriptive; it is the large amount of unused structured 

and processed data kept for use in the future, which is 

complicated and inefficient to manage using traditional 

methods. Even though the Big Data phrase is defined 

uniquely by many people and institutions, the ones given 

above are able to provide some context. 

 

.Big Data stands out due to specific features that 

differentiate it from conventional data. These key 

characteristics are often summarized as the 5 Vs: 

• Volume: Represents the enormous size of data 

being created, often measured in terabytes, 

petabytes, or beyond. This could include data 

from social media, sensors, or enterprise 

systems. 

 

• Velocity: Describes the speed at which data is 

generated and needs to be processed. This 

applies to real-time systems like financial 

markets or streaming analytics. 

 

• Variety: Highlights the diversity of data 

formats, including structured data (like 

spreadsheets), semi-structured data (such as 

JSON), and unstructured data (like videos or 

social media posts). 

 

• Veracity: Refers to the trustworthiness and 

accuracy of data. It emphasizes the need to 

identify and minimize errors, inconsistencies, 

or uncertainties in datasets. 

 

• Value: Focuses on extracting meaningful 

insights and actionable knowledge from data to 

support decision-making or derive business 

benefits. 
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b. Cloud computing 

 

The cloud computing technology is emerging in which 

people and companies can access computing resources 

such as storage, servers, and software over the internet 

instead of owning their own hardware or using physical 

hardware. There are many advantages of cloud 

computing, including cost savings, flexibility, and the 

ability to increase or decrease resources depending on the 

demand. Cloud computing is used in various fields such 

as healthcare, education, finance, and entertainment 

because of these advantages. 

 

Varieties of cloud services are available and can be 

selected depending on what a user needs. Some of the 

cloud services include Infrastructure as a Service (IaaS), 

which provides virtual hardware and storage, Platform as 

a Service (PaaS), which offers a platform for developing 

and managing applications, and Software as a Service 

(SaaS), which provides a ready-to-use application over 

the internet. Furthermore, cloud deployment models such 

as public, private, hybrid, and community clouds provide 

services that can be customized depending on business 

and security needs. 

 

Although cloud computing has many advantages, it has 

its own problems. Among them are concerns about data 

security and privacy, problems with internet connectivity 

and latency, and difficulties in complying with different 

regulations. The technology of cloud computing 

continues to evolve, and this gives rise to new trends that 

are both opportunities and challenges at the same time, 

including edge computing, serverless architectures, and 

multi-cloud strategies. 

The goal of this review paper is to provide a clear and 

detailed overview of cloud computing. It will cover the 

basic concepts, different types of services and 

deployment models, key benefits, and common 

challenges. The paper will also explore the latest 

developments in cloud computing and discuss potential 

future directions for this rapidly growing technology. 

 

II. Literature Review 

 

Author 

 

Title  Methodology Dataset Result 

Raza, S., Ahmed, 

A., & Malik, M. 

(2022). 

Cloud vs. on-

premises big data 

analytics: A case 

study in retail. 

Comparative study of 

cloud-based and on-

premises data analytics

  

Retail 

transaction 

data  

Cloud-based analytics 

outperformed on-premises 

systems in scalability and 

cost-efficiency, with some 

latency issues.  

Khan, M. S., 

Pathan, A. S., & 

Alam, M. (2021) 
 

An overview of big 

data analytics on 

cloud computing. 

Survey on cloud-based big 

data frameworks 

Literature 

review  

Apache Spark and Google 

Big Query identified as top 

choices for cloud-based big 

data due to high efficiency 

and speed.  

Gupta, P., 

Bhatnagar, P., & 

Sharma, S. 

(2021). 

Big data and 

machine learning on 

cloud computing: E-

commerce case 

study. 

Machine learning-based 

big data processing on 

cloud infrastructure 

E-commerce 

transaction 

data  

Cloud-based ML models 

provided faster and more 

accurate results for e-

commerce trends and demand 

forecasting.  
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Park, J., Kim, S., 

& Lee, H. (2020) 

Cloud-based big 

data analytics for 

healthcare. 

Case study of healthcare 

big data analytics on cloud

  

Electronic 

health records 

(EHR)  

Cloud analytics enhanced 

healthcare decision-making 

but faced security and privacy 

challenges with patient data.

  

Chen, L., & 

Zhang, Y. (2021). 

Cloud computing 

and big data 

analytics for 

financial services: A 

comparison of 

major platforms. 

Comparative analysis of 

big data platforms in the 

cloud  

Financial 

transaction 

data  

AWS and Azure found to be 

most reliable for financial 

data, but cost management 

and data security are key 

challenges.  

Singh, R., Kaur, 

G., & Gupta, S. 

(2022). 

Data security 

challenges in cloud 

computing for big 

data. 

Review of cloud data 

security frameworks for 

big data  
 

Literature-

based  

Found significant advances in 

cloud security but highlighted 

the need for encryption 

improvements for sensitive 

data.  

Kumar, A., 

Shukla, S., & 

Pathak, M. (2021) 

Big data analytics in 

smart cities using 

cloud platforms. 

Experimental analysis of 

cloud-based IoT analytics

  

Smart city IoT 

data  

Demonstrated that cloud 

analytics effectively managed 

large IoT datasets, though 

latency was an issue for real-

time data.  

Patel, K., Raj, A., 

& Kumar, V. 

(2022). 

Cloud 

computing 

and AI 

predictive 

maintenance: 

A 

manufacturing 

perspective. 

 

 

AI-based cloud analytics 

for predictive maintenance

  

Industrial 

machinery 

sensor data

  

Cloud-based AI models 

provided accurate 

predictions, reducing 

downtime in manufacturing.

  

Brown, T., White, 

L., & Green, M. 

(2021). 

Hybrid cloud 

solutions for big 

data analytics. 

Survey on hybrid cloud 

solutions for big data 

analytics  

Literature-

based  

Found hybrid cloud ideal for 

managing sensitive data 

while maintaining scalability.

  

El-Kassas, A., 

Ahmed, H., & 

Youssef, A. 

(2020) 

Performance 

evaluation of cloud 

storage for big data 

Experimental study of 

cloud storage performance 

for big data  

Simulated big 

data storage 

scenarios  

Cloud storage outperformed 

traditional systems in speed, 

but costs increased with 

storage volume.  

Wang, J., & Yu, S. 

(2021). 

Real-time streaming 

analytics on cloud 

computing: A stock 

market application. 

Real-time analytics of 

streaming data on cloud 

platforms  

Stock market 

streaming data

  

Cloud streaming services like 

Apache Kafka achieved real-

time analytics but struggled 

with high-frequency data.

  

Liu, X., Zhang, R., 

& Lee, C. (2022). 

Deep learning 

frameworks for big 

data analytics on 

cloud platforms. 

Survey on cloud-based big 

data frameworks for deep 

learning applications

  

Literature 

review  

TensorFlow and PyTorch on 

cloud are popular for big data, 

though compute costs remain 

a challenge.  

Ahmed, F., Ali, J., 

& Rehman, H. 

(2021). 

Elasticity in cloud 

computing for big 

data: An evaluation. 

Evaluation of cloud 

elasticity in handling 

fluctuating big data 

workloads  

Simulated e-

commerce and 

IoT data  

Elastic cloud infrastructure 

effectively handled variable 

workloads, with cost 

increases during peak usage.

  

Chouhan, A., & 

Verma, R. (2022) 

Edge vs cloud 

computing for big 

data: A healthcare 

case study. 

Comparative study of edge 

and cloud computing in 

big data applications

  

Healthcare 

IoT data  

Edge computing improved 

real-time processing speed, 

while cloud offered better 

data storage.  
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Zhao, L., & 

Huang, X. (2021). 

AI for fraud 

detection in cloud-

based big data 

systems. Financial 

Computing and Big 

Data Analytics, 

AI-driven big data 

analytics for fraud 

detection in cloud 

environment  

Financial 

transaction 

data  

AI models on cloud 

identified fraud patterns 

effectively, though response 

time lagged with larger 

datasets.  

 

 

Recent studies from 2020-2022 show that cloud 

computing has played a transformative role in big data 

analytics. While it offers unparalleled scalability, cost 

savings, and flexibility, challenges such as latency, 

security, and cost management persist. 

 

Raza et al. (2022) compared cloud-based and on-premises 

analytics using retail transaction data. They found that 

cloud systems excelled in scalability and cost efficiency, 

while latency was a major issue during peak loads. 

Similarly, Park et al. (2020) showcased how cloud-based 

analytics can enhance decision-making in healthcare using 

electronic health records (EHR), despite privacy and 

security challenges. 

 

Integration of machine learning and artificial intelligence 

(AI) in cloud platforms has facilitated the advanced 

analytics capabilities. Gupta et al. (2021) have proven that 

cloud-based ML models deliver more accurate and faster 

results in forecasting e-commerce trends. This was echoed 

by Zhao and Huang (2021) who in their research on fraud 

detection found that cloud-hosted AI systems successfully 

identified fraudulent activities in financial transaction 

datasets. 

 

Hybrid cloud solutions gain popularity for their 

combination of scalability and data privacy. Brown et al. 

(2021) pointed out that hybrid models balanced the 

benefits of public and private clouds, making them 

suitable for data-sensitive applications. In the same way, 

Chouhan and Verma (2022) showed that edge computing 

combined with cloud platforms could enhance the 

processing speed of real-time healthcare IoT data. 

 

Industry-Specific Studies on the Application of Cloud-

Based Big Data Analytics Patel et al. (2022) studied the 

application of cloud-based big data analytics in the field 

of industry, particularly predictive maintenance in 

manufacturing. The authors demonstrated how cloud 

analytics with AI capabilities reduced downtime in the 

manufacturing sector. In turn, El-Kassas et al. (2020) 

examined the effectiveness of cloud storage. The findings 

of the study showed that cloud storage had a higher 

performance than traditional storage systems in terms of 

speed. However, as the data volume increases, the costs 

increase. 

 

Emerging technologies such as TensorFlow and PyTorch 

are driving next-generation cloud-based deep learning 

applications. Liu et al. (2022) found these frameworks 

highly effective for large-scale analytics, although the 

high cost of compute remains a barrier. Similarly, Ahmed 

et al. (2021) examined the elasticity of cloud infrastructure 

and demonstrated its effectiveness for managing dynamic 

workloads in electronic commerce and IoT applications. 

 

The conclusions draw attention to the overwhelming 

influence of cloud computing on big data analytics in 

numerous sectors. Thus, the incorporation of AI, hybrid 

models, and edge computing is permitting companies to 

leverage data in a more efficient manner. Nonetheless, as 

Singh et al. (2022) point out, areas, such as security and 

cost optimization, still require further research and 

development efforts. 

 

III. Methodology 

 

This research employs a multi-pronged approach, which 

includes a broad literature review, case study 

investigation, and emerging technology analysis, to probe 

how cloud computing is transforming big data analytics. 

The research approach focuses on assessing the ability of 

cloud computing to process large-scale data, enable 

machine learning (ML) and artificial intelligence (AI) 

incorporation, and offer real-time analytics. Furthermore, 

the research will discuss the issues related to cloud-based 

systems, such as security, latency, and cost management. 

Datasets from various fields were considered for 

evaluating cloud computing platforms like AWS, Google 

Cloud, and Microsoft Azure, such as healthcare (EHR), 

finance (transaction data), and manufacturing (IoT-based 

predictive maintenance data). The platforms were 

evaluated by using big data processing frameworks, such 

as Apache Spark, Hadoop, and TensorFlow, for their 

efficiency in real-time analytics, machine learning (ML), 

and AI integration. 

 

Emerging technologies such as hybrid cloud and edge 

computing were also discussed to identify solutions to 

address latency and real-time data processing challenges. 

Security measures, such as encryption and compliance 

models, were critically examined to understand their 

efficacy in addressing privacy issues. The methodology 

highlights a theoretical framework that encompasses the 

interrelated role of cloud storage, processing frameworks, 

AI/ML tools, and real-time analytics applications. 
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Conceptual Model: Cloud Computing in Big Data 

Analytics 

 

The conceptual framework reflects the end-to-end process 

of big data analytics facilitated by cloud computing. It 

includes:  

     

• Data Input: Acquiring data from IoT devices, 

user interactions, and sensors. 

• Cloud Storage: The security and managing of 

raw data in Google Cloud Storage or AWS S3 

for example. 

• Processing Frameworks: Working with 

Apache Spark and Hadoop for significant data 

processing. 

• AI/ML Integration: Applying AI/ML 

capabilities in the cloud to automate the 

analytics and improve the prediction. 

• Real-Time Analytics: Provisioning Insights 

through Real-Time Processing Mechanisms. 

• Applications: Transfer of findings in different 

domains e.g. fraud detection in finance, 

predictive maintenance in manufacturing, and 

patient care improvements in healthcare. 

 
Diagram: Cloud Computing in Big Data Analytics 

 

The model illustrates the sequential flow of data through 

cloud-based systems, starting from data collection to 

delivering actionable insights for diverse application. 

 

Algorithm: Cloud-Based Big Data Analytics 

Framework 

 

The algorithm that reflects the end-to-end process of big 

data analytics by cloud computing. It includes: 

 

Step 1: Gathering Information 

• Gather unprocessed information from multiple 

origins such as online logs, enterprise 

applications, social media, and Internet of 

Things equipment. 

• Utilize cloud-based services, such as Google 

Cloud Pub/Sub, AWS Kinesis, or Apache Kafka 

to stream data in real time. 

Step 2: Management of Cloud Storage 

• Leverage cloud-based and scalable storage 

solutions for all types of data. For example 

Azure Blob Storage, Google Cloud Storage, and 

Amazon S3. 

• Utilize relational and NoSQL databases hosted 

in the cloud. Such as Azure Cosmos DB, Google 

Bigtable, and Amazon DynamoDB. 

Step 3: Distributive Data Processing 

• Leverage cloud clusters' parallel processing 

models (Spark, HDFS) to batch process and 

stream data. 

• Employing serverless computing technologies 

such as Google Cloud Functions or AWS 

Lambda can help boost processing workloads. 

Step 4: Transformation and Analysis of Data. 

• Use Cloud-based ETL (Extract Transform 

Load) technologies for carrying out tasks such 

as transformation standardization and cleaning 

of data. 

• Leverage cloud AI/ML services (AWS Sage 

Maker, Google AI, Azure Machine Learning) to 

derive predictive insights. 

Step 5: Business Intelligence and Visualization 

• Generate insights by using cloud-based 

analytics platforms like Google Big Query, 

AWS Athena, or Azure Synapse Analytics. 

• Visualize results with dashboards and reporting 

tools such as Power BI, Google Data Studio, or 

Tableau. 

Step 6: Compliance and Security 

• Put in place measures of security such as MFA, 

encryption and IAM. 

• Enforce the best practices for security in the 

cloud to ensure compliance with industry 

requirements (for example, GDPR, HIPAA). 

Step 7: Performance Optimization and Auto-Scaling 

• Utilise cloud auto-scaling to modify computer 

resources dynamically to meet workload 

demands. 

• Leverage cloud-native cost management 

solutions for an optimization of computer and 

storage resources and to save operating costs. 
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Step 8: Ongoing Evaluation and Enhancement 

• Leverage cloud observability solutions (like 

AWS CloudWatch, Google Operations Suite, 

Azure Monitor) to monitor efficiency. 

• Continually enhance data pipelines and models 

based on system performance and business 

need. 

 

 

IV. Expected Result and Discussion 

 

After analysing the part of cloud computing in Big Data 

analytics it could be predicted that cloud platforms could 

significantly increase the scalability, flexibility, and cost-

effectiveness of operations related to the processing of big 

data. Specifically, organizations that are using cloud 

infrastructure could benefit from on-demand allocation of 

resources that could help them to scale storage and 

processing capabilities according to fluctuating data loads. 

Such scalability could be useful for industries with rapidly 

growing datasets. Moreover, the integration of Machine 

Learning and Artificial Intelligence with cloud-based data 

processing frameworks such as Apache Hadoop and 

Apache Spark could help to improve analytical 

performance, allowing for the generation of more accurate 

insights from big data that are generated in real time. 

Finally, the research could help to identify potential 

savings from the reduced capital expenditure on the 

physical infrastructure, and hidden costs (e.g., data 

transfer fees and cloud service management) could also be 

investigated. Security and privacy would still be 

important, but with the development of the cloud security 

protocols, including encryption and adherence to industry 

regulations, many of these issues could be mitigated. 

Latency issues could also pose an obstacle for real-time 

analytics in some applications, but edge computing and 

hybrid cloud architectures can be potential strategies to 

solve these issues. 

 

This paper highlights the substantial benefits that cloud 

computing offers in big data analytics, mainly through 

scalability, flexibility, and cost-effectiveness. Cloud 

computing gives companies the opportunity to scale their 

data storage and processing needs dynamically, which is 

particularly useful in industries that require extensive data 

processing such as healthcare, finance, and retail. Cloud 

computing is cost-effective because of the pay-as-you-go 

pricing model, although companies need to properly 

manage the cloud resources in order to prevent any hidden 

costs. 

 

Cloud platforms with advanced AI and machine learning 

(ML) capabilities significantly improve data analytics, 

generating predictive insights without requiring extensive 

infrastructure. This is particularly beneficial in healthcare 

and finance. In the former, AI-driven analytics leads to 

improved patient outcomes, while in the latter, they 

improve risk management. 

 

However security and privacy are still a concern. Data 

breaches for instance pose a significant threat. Despite that 

however, there is a light at the end of the tunnel. This 

comes in the form of enhanced encryption protocols, as 

well as a shared responsibility model. There are other 

concerns that are quite critical to the success of the 

organization. For instance, network latency is an issue of 

concern, particularly for real-time applications. 

Nevertheless, the adoption of edge computing and hybrid 

cloud architecture can be adopted to eliminate this issue. 

 

It is for that reason that cloud computing is transforming 

big data analytics. It is cost-effective and scalable. AI and 

ML are also advancing the analytical capabilities of big 

data. However, while latency, privacy, and security 

remain a concern, they are expected to be reduced with the 

development of the technology. This means that cloud-

based analytics can be adopted more widely in the future. 

 

V. Conclusion 

 

However, cloud computing has significantly 

revolutionized big data analytics in terms of providing 

flexible, scalable, and affordable solutions, while 

introducing particular challenges that must be addressed 

by organizations to leverage its full potential. The 

problems of data security, latency, bandwidth restrictions, 

and legal compliance require strategic solutions such as 

strong encryption, edge computing, and strict regulation 

adherence to maintain the integrity of the data and comply 

with different global standards. Moreover, integrating 

heterogeneous data sources, ensuring efficient cost 

management, and providing balance in terms of data 

governance control in a cloud setting are crucial for 

reliable high-quality analytics. 

 

As companies grow more dependent on the providers of 

cloud services, they face the prospect of vendor lock-in 

and infrastructure dependence, emphasizing the need for 

multi-cloud strategy and strong internal governance. By 

addressing these challenges in advance, organizations can 

utilize cloud-based big data analytics to get deeper 

insights, foster innovation and make data-driven decisions 

that will reinforce their competitive edge. Eventually, 

overcoming these challenges will help companies to 

convert huge volumes of data into actionable intelligence 

that will support improved decision-making in sectors 

such as healthcare, finance and e-commerce where precise 

analytics are crucial for success in the digital economy of 

today. 

 

VI. Reference 

1. Raza, S., Ahmed, A., & Malik, M. (2022). Cloud vs. 

on-premises big data analytics: A case study in retail. 

Journal of Cloud Computing, 11(1), 23-38. 

https://doi.org/10.1186/s13677-022-0023-5 

https://doi.org/10.1186/s13677-022-0023-


International Journal of Intelligent Systems and Applications in Engineering IJISAE, 2024, 12(23s), 2336–2343  |  2343 

 

2. Khan, M. S., Pathan, A. S., & Alam, M. (2021). An 

overview of big data analytics on cloud computing. 

IEEE Access, 9, 4855-4866. 

https://doi.org/10.1109/ACCESS.2021.3049982 

3. Gupta, P., Bhatnagar, P., & Sharma, S. (2021). Big 

data and machine learning on cloud computing: E-

commerce case study. Future Internet, 13(3), 62. 

https://doi.org/10.3390/fi13030062 

4. Park, J., Kim, S., & Lee, H. (2020). Cloud-based big 

data analytics for healthcare. Healthcare Informatics 

Research, 26(2), 158-168. 

https://doi.org/10.4258/hir.2020.26.2.158 

5. Chen, L., & Zhang, Y. (2021). Cloud computing and 

big data analytics for financial services: A 

comparison of major platforms. Journal of Financial 

Services Technology, 15(2), 24-35. 

https://doi.org/10.1016/j.jfst.2021.04.004 

6. Singh, R., Kaur, G., & Gupta, S. (2022). Data 

security challenges in cloud computing for big data. 

Journal of Cloud Security, 8(1), 10-20. 

https://doi.org/10.1186/s13243-022-0011-3 

7. Kumar, A., Shukla, S., & Pathak, M. (2021). Big 

data analytics in smart cities using cloud platforms. 

Smart Cities, 4(1), 67-80. 

https://doi.org/10.1016/j.scit.2021.05.002 

8. Patel, K., Raj, A., & Kumar, V. (2022). Cloud 

computing and AI for predictive maintenance: A 

manufacturing perspective. Journal of Industrial 

Informatics, 12(4), 30-45. 

https://doi.org/10.1016/j.indinf.2022.07.015 

9. Brown, T., White, L., & Green, M. (2021). Hybrid 

cloud solutions for big data analytics. Journal of 

Information Technology, 15(2), 145-160. 

https://doi.org/10.1016/j.jit.2021.03.005 

10. El-Kassas, A., Ahmed, H., & Youssef, A. (2020). 

Performance evaluation of cloud storage for big data. 

IEEE Transactions on Cloud Storage, 8(3), 45-56. 

https://doi.org/10.1109/TCS.2020.3029435 

11. Wang, J., & Yu, S. (2021). Real-time streaming 

analytics on cloud computing: A stock market 

application. Big Data and Cloud Computing 

Journal, 10(1), 102-114. 

https://doi.org/10.1016/j.bdcc.2021.04.001 

12. Liu, X., Zhang, R., & Lee, C. (2022). Deep learning 

frameworks for big data analytics on cloud platforms. 

AI and Cloud Computing, 8(2), 57-72. 

https://doi.org/10.1016/j.aicc.2022.04.002 

13. Ahmed, F., Ali, J., & Rehman, H. (2021). Elasticity 

in cloud computing for big data: An evaluation. 

Journal of Cloud Elasticity, 6(3), 85-97. 

https://doi.org/10.1016/j.jce.2021.04.003 

14. Chouhan, A., & Verma, R. (2022). Edge vs cloud 

computing for big data: A healthcare case study. 

Journal of Edge Computing, 7(1), 22-32. 

https://doi.org/10.1016/j.jec.2022.02.005 

15. Zhao, L., & Huang, X. (2021). AI for fraud detection 

in cloud-based big data systems. Financial 

Computing and Big Data Analytics, 14(3), 78-92. 

https://doi.org/10.1016/j.fcbd.2021.08.010 

 

https://doi.org/10.1109/ACCESS.2021.3049982
https://doi.org/10.3390/fi13030062
https://doi.org/10.4258/hir.2020.26.2.158
https://doi.org/10.1016/j.jfst.2021.04.004
https://doi.org/10.1186/s13243-022-0011-3
https://doi.org/10.1016/j.scit.2021.05.002
https://doi.org/10.1016/j.indinf.2022.07.015
https://doi.org/10.1016/j.jit.2021.03.005
https://doi.org/10.1109/TCS.2020.3029435
https://doi.org/10.1016/j.bdcc.2021.04.001
https://doi.org/10.1016/j.aicc.2022.04.002
https://doi.org/10.1016/j.jce.2021.04.003
https://doi.org/10.1016/j.jec.2022.02.005
https://doi.org/10.1016/j.fcbd.2021.08.010

